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Abstract: The research aims to explore the influence of artificial intelligence in increasing technological engagement and attitude
toward the firm, which has implications for repurchase intention. In addition, the moderating effect of perceived effectiveness of
e-commerce institutional mechanisms (PEEIM) was also explored. A quantitative method approach is used to investigate
consumer behaviour from experiences using artificial intelligence technology in e-commerce. Data was collected from 242
e-commerce users using a structured questionnaire and personal interviews. Confirmatory factor analysis and structural equation
modelling with the SEM tool AMOS 24 are used to test hypotheses. This research confirms that there is a significant influence
between artificial intelligence and technology engagement and customer firm attitudes, contributing to repurchase intentions. The
results also support the positive influence of high customer involvement on increasing repurchase intention. However, other
results from the attitude toward the firm have an insignificant impact on repurchase intention. PEEIM also shows exciting results
regarding its moderation effect. The company continues using Al-based data analysis to understand customer preferences and
behavior to provide more relevant and personalized product recommendations. This study is the only one that explores the
influence of Al by looking at each of its constituent dimensions, which can increase technology engagement and consumer
attitudes towards websites. PEEIM moderation role will also strengthen the latest research results in the field of e-commerce.
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I. INTRODUCTION

The development of information and communication technology,
which is strengthened by the emergence of artificial intelligence
(Al), is being used by many companies to provide services to make
things easier for their customers [1,2]. One industry extensively
uses this technology in providing services and products to its
customers is the e-commerce industry. Al can interpret external
data and learn to develop adaptive strategies [3]. Examples of
implementing Al in e-commerce are product search (using images,
keywords, or voice), automatic recommendations, personalized
dynamic pricing, and chatbots that speed up responses to customer
questions [4]. However, the rapid development of information
technology that competitors quickly adopt requires companies to
be able to adapt their business models to customer needs [5].
Therefore, it is essential to determine a strategy for using Al to
increase positive customer attitudes that benefit the company.

Al technology is creating a revolutionary transformational
impact on service companies, changing how companies interact
with their customers [6]. The success of interactions through
technology can be measured by how involved customers are in
using the technology [7]. Therefore, many studies on technology
behaviour examine variables related to factors that influence
technology engagement [8,9], and there is still minimal research
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measuring technology engagement in e-commerce. Understanding
customer involvement in technology adoption is essential to direct
relevant product development and increase market acceptance of
these innovations, especially in the e-commerce retail market.

Although previous research confirms that Al can increase
technology engagement and attitudes toward firms using technol-
ogy, it has implications for increasing purchase intentions [7,10].
However, they ignore the vital role of perceived effectiveness of
e-commerce institutional mechanisms (PEEIM), which has been
proven to be able to increase purchase intentions by protecting
consumers from the risks of e-commerce transactions [11,12].
PEEIM will manage customer perceptions of the uncertainty of
the online trading environment that underlies repeated online
transactions by ensuring consumers are free from any adverse
risks [13]. When PEEIM is high, it will reduce uncertainty in online
transactions because customers feel protected [14]. Therefore, this
research will look at the role of PEEIM in moderating the variables
of technology engagement and attitude toward the firm as an
impact generated by Al by increasing repurchase intention.

This study is the only one that explores the influence of Al by
looking at each of its constituent dimensions that can increase
technology engagement and consumer attitudes toward websites.
PEEIM moderation role will also strengthen the latest research
results in e-commerce. Therefore, this research was completed in
several stages. First, we formulate the problem by looking at
conceptual and practical gaps based on previous literature to obtain
research updates. Second, we determine the method for solving
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problems using a quantitative approach. Third, the data should be
analyzed by interpreting it into research results. Fourth, the
research results will be discussed, focusing on theoretical and
practical implications.

This study is designed with a systematic flow that begins with
identifying the problem and the novelty of the research as a strong
research basis. The second section reviews related literature, builds
a conceptual foundation through theory, and develops hypotheses
that support the research. Furthermore, the third section explains
the research methodology, including the research design, data
collection techniques, and analysis methods used to ensure the
validity and reliability of the results. The fourth section presents the
findings and their discussion, with interpretations linked to theory
and previous research. Finally, the conclusion summarizes the
main findings, presents the research implications, and provides
recommendations for further research.

Il. LITERATURE REVIEW

Al is a technology that can provide services to consumers as
humans do. Al can understand, think, respond, act, and make
decisions just like humans simulated on machines based on the data
obtained [15]. Some systems that can be used to optimize the use of
Al are prediction and recommendation. The prediction system uses
Graph Convolutional Networks (GCN), which aims to understand
how the relationship between users and their interactions affects
shopping preferences, and the user representation fusion mecha-
nism that integrates various aspects of behavior, such as purchase
history and interaction with reviews, to form a more accurate user
profile [16]. The recommendation system uses the Temporal
Interest Attention Network (TIAN), which groups items viewed
in close time into the same interest bucket, allowing for more
accurate item representation modelling. In addition, the Time-
Enhanced Session Graph (TES-Graph) was developed to capture
changes in user interests with adaptive weights on each side of the
graph [17]. This method overcomes the interference caused by
accidental clicks, improving the accuracy of e-commerce
recommendations.

The advantages of this prediction and recommendation system
not only increase the accuracy in understanding user preferences
but also have a significant impact on the marketing and sales areas
[18]. With the ability to offer more customized services and project
consumer behaviour patterns more precisely, this technology is
further strengthening the role of Al in modern marketing strategies
[19,20]. Some of these marketing activities can be evaluated based
on customer perceptions of the usefulness of Al

Al marketing activities involve four dimensions, namely
interaction, information, accessibility, and customisation [21].
Interaction refers to the communication process carried out
between Al and customers. For example, interactions occur via
chat platforms, voice calls, or visual interactions. Al can also be
used to provide product information to its customers. For example,
recommending products based on purchasing history or customer
preferences and making it easier for customers to search for
products based on uploaded images. Accessibility refers to the
response to information obtained from customers. Al acts as a
customer service that can provide services in real-time quickly and
accurately. Customisation relates to services that can be personal-
ized. The buyer’s advantage is that he gets personalized service in
the form of an offer that has beneficial value with the potential to
reduce search costs, while the seller’s advantage is that he can sell
at a high price to a party with a high assessment [22].

When Al can provide good service to its customers, it will have
implications for increasing customer engagement using this tech-
nology [23]. We chose the technology engagement variable to be
specified in this study because it consists of items that can capture
consumers’ perceptions regarding technology use, and respondents
may have different views on their level of involvement. Technology
engagement is defined as the cognitive and affective commitment of
a relationship when using technology [24]. Consumers who have
become familiar with Al can form positive or negative attitudes,
which will determine how involved they are with the technology [7].
In this paper, we attempt to validate the following hypotheses:

HI: AI Marketing has a positive and significant effect on
increasing technology engagement

One of the critical issues discussed in looking at the results of
technology creation is measuring attitudes toward using technol-
ogy. Attitude is defined as a person’s feelings that can give positive
or adverse reactions to other objects [25]. In the technological
context, it is defined as the behavior of assessing likes or dislikes of
the use of technology [26]. When using technology, Companies
can predict interactions through their optimism and insecurity [27].
This attitude can be influenced by the use of artificial intelligence
[7,28]. However, they ignore information about the factors shaping
marketing Al that could improve attitudes towards technology.
Therefore, we investigate the importance of existing service fea-
tures in Al for improving customer attitudes. In this paper, we
attempt to validate the following hypotheses:

H2: AI Marketing has a positive and significant effect on
increasing attitudes towards firms that use technology

Online consumer behavior can be understood in two stages.
The first is to encourage new people to buy online, and the second
is to enable customers to buy again [29]. The fact is that getting new
customers will take more time and energy than retaining existing
customers [30]. Companies will spend many resources if they
allocate a lot to finding new customers. Therefore, we use the
repurchase intention variable to see indicators of the success of
using Al on e-commerce websites.

Repurchase intention is defined as the probability that a cus-
tomer will continue to buy products from the same seller [31]. We
measure the extent to which online shoppers via e-commerce are
willing to choose the platform as their first choice in the future to
show loyalty and willingness to recommend it to others. Several
factors that can form high repurchase intention are increasing
customer engagement using technology [32,33] and attitude towards
firms that use technology [34,35]. Therefore, marketers must know
whether engagement and attitude can increase repurchase intention.
In this paper, we attempt to validate the following hypotheses:

H3: Technology engagement has a positive and significant
effect on increasing repurchase intentions

H4: Attitude toward firm has a positive and significant effect
on increasing repurchase intentions

Online shopping has several risks that customers may experi-
ence. Such as financial risk, information risk, and privacy risk,
which can influence purchasing decisions [36]. This high risk
influences companies to develop services that can guarantee con-
sumer safety in all dangers through third parties. This method can
facilitate increased trust when shopping online [37]. For example,
they guarantee that ordered goods will arrive at the customer
without damage or errors and that transactions will be managed
financially [13]. PEEIM is consumers’ perception that third parties
can protect and mitigate risks during online transactions. Obtaining
positive customer perceptions using e-commerce websites is
important to increasing repeat purchases.
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Previous research investigated the critical role of PEEIM in
moderating by increasing buyers’ interpersonal trust through
online vendors to increase repurchase intention to purchase pro-
ducts in e-commerce [37,38]. However, more is needed to assume
that the moderating role will be the same under different conditions
and contexts. [37] There is no unique guarantee that vendors will
always gain customers’ trust when using e-commerce websites.
[39] also found that the influence of perceived benefits becomes
insignificant with online trust because, at the post-purchase stage,
users have had experience using the product. In contrast to
customer attitudes and involvement, they will be able to improve
their performance when they influence PEEIM because it can
trigger internal cognitive and emotional behavioural responses
[12]. Therefore, this gap will be answered by testing the moderating
effect on the relationship between technology engagement, attitude
toward the firm, and repurchase intention. In this paper, we attempt
to validate the following hypotheses:

HS: PEEIM positively moderates the relationship between
technology engagement and repurchase intention so that when
PEEIM is higher, the relationship between these two variables is
also more robust.

H6: PEEIM positively moderates the relationship between
attitude toward the firm and repurchase intention so that when
PEEIM is higher, the relationship between these two variables is
more robust. Considering the importance of issues related to the use
of artificial intelligence in e-commerce, we created a research model
(Figure 1) that focuses on optimizing the use of artificial intelligence
in the marketing context to increase technology engagement.

Fig. 1. Research model.

lll. RESEARCH METHODOLOGY

A. SAMPLING AND DATA COLLECTION
PROCEDURES

The sample population consists of e-commerce users in Indonesia
who have experience using Al technology. A purposive sampling
technique is used to select a sample representative of the population.
A total of 242 samples were collected to minimize measurement
error. This amount is to the requirements determined by [40]. Data is
collected through an online survey using Google Forms because it
has the advantage of summarising survey results and automatic
response times. Filling out the questionnaire begins with a brief
description of the researcher’s identity and research objectives,
followed by filling in the respondent’s demographics to match
the specified characteristics. Explanations and direct assistance
are also provided to help respondents better understand the intent
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Table I. Respondent’s characteristics
Characteristics Frequency
Gender
Male 102
Female 140
Age
17 - 26 215
27 - 42 24
43 - 58 3
Education
High school 190
Bachelor 31
Postgraduate 21
E-commerce brand
Shopee 120
Tokopedia 56
Lazada 66
Product
Fashion (Clothes, pants, shoes, bags, watches) 154
Care & beauty (makeup, perfume) 72
Electronic 16

and purpose of the questions asked. Multiple choice and Likert
scales gave values between strongly agree (5) and strongly disagree
(1) to make it easier for respondents to answer all questions. The
measurement scale for each variable was adopted from relevant
previous research question items. Al marketing [21] has four
dimensions, namely interaction, information, accessibility, and cus-
tomisation. Technology engagement, attitude towards firms that use
technology [7], PEEIM [37,38], and repurchase intention [41].

1. RESPONDENT’S CHARACTERISTICS. The characteristics of
the respondents are presented in Table I. The distribution of these
characteristics is based on gender: 102 men and 140 women; the
age of the respondents is dominated by young people who are used
to using technology, namely 17-26, 215 respondents, 27-42, 24
respondents, and 43-58 as many as three respondents. The educa-
tion level of respondents was high school, with as many as 190;
bachelor’s, as many as 31; and postgraduate, as many as 21. The
e-commerce brands that respondents most accessed were Shopee
with 120, Tokopedia with 56, and Lazada with 66, so Shopee was
the most e-commerce accessed by customers according to the data.
[42]. The most frequently purchased products were Fashion
(Clothes, pants, shoes, bags, watches), as many as 154.

IV. RESULTS AND DISCUSSION

A. ASSESSMENT OF NORMALITY

A structural equation modelling (SEM) approach using the AMOS
tool was used to estimate path weights and overall model fit. Before
proceeding to confirmatory analysis, we ensure that the data
obtained does not contain outliers. The normality test was carried
out using the SPSS tool by looking at the z-score value of +2.58
according to the required value [43]. The results showed 26 outlier
data, so 216 samples met the requirements for the next testing stage.
Therefore, confirmatory factor analysis (CFA) can be carried out on
each variable.
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B. CONFIRMATORY FACTOR ANALYSIS

Confirmatory factor analysis (CFA) testing uses the latent factor
structure assessment. The measurement model formed was
confirmed to have model suitability using the standard fit index,
namely Chi-Square =794.192, CMIN/df=1.956, GFI=0.816,
TLE = 0.880, NFI =0.809, and RMSEA = 0.067. It was concluded

that the measurement model met the criteria. The standard measure-
ment model is then tested for validity and reliability.

Validity seen from the average variance extracted (AVE) value
for all constructs must be greater than 0.5, but 0.4 can still be
considered [44,45]. Reliability is seen from the composite reliabil-
ity (CR) value, which must be greater than 0.7. Table II displays the

Table Il. Summary of the measurement model
Construct Item Loading AVE CR
Al Marketing Activities [21]
Interaction Al is sensitive to current customer needs 0.698 0.44 0.70
AT has the knowledge to answer customer questions 0.714
Al provides individual attention to customers 0.558
Information Al helps understand events that occur in banks 0.652 046 0.71
Al provides recommendations regarding bank products/services 0.623
Al provides information that helps my purchasing decisions 0.746
Accessibility Al provides more timely responses 0.812 0.57 0.84
Al is convenient and efficient 0.83
Al can provide efficient digital assistance or information 0.812
Al can provide immediate answers anytime and anywhere 0.711
Customisation I feel the use of Al meets my personal needs 0.717 0.56 0.83
When I had a problem, the Al showed genuine interest in solving it 0.849
Al can handle customer complaints directly and immediately 0.728
I believe that Al can get the job done 0.684
Technology engagement [7] I feel comfortable engaging with Al 0.769 0.56 0.84
I feel that my involvement with Al technology on e-commerce websites is still very 0.705
natural
My involvement with Al technology in e-commerce websites is significant 0.76
I had much fun leveraging Al on e-commerce websites 0.755
attitude towards the firm that uses  The Al technology provided by “e-commerce brands” is not boring. 0.775 0.94 097
technology [7] The Al technology provided by “e-commerce brands” is outstanding 0.77
The AI technology provided by “e-commerce brands” is very positive 0.716
The Al technology provided by “e-commerce brands” is exciting 0.764
The Al technology provided by “e-commerce brands” is fun 0.725
perceived effectiveness of When purchasing online, I believe that there are mechanisms in place to protect me  0.827 0.63 0.87
e-commerce institutional from any potential risks (e.g., personal information leakage, credit card fraud, items
mechanisms [37,38] not received, etc.) from online shopping if something goes wrong with my online
purchase.
I trust third parties to protect me from any potential risks (e.g., personal information ~ 0.887
leakage, credit card fraud, items not received, etc.) from online shopping if something
goes wrong with my online purchase.
I am confident that I cannot be exploited (e.g., personal information leakage, credit ~ 0.742
card fraud, goods not received, etc.) due to online purchases at “e-commerce brands.”
I believe that other parties must protect me from any potential risks (leakage of 0.7
personal information, credit card fraud, goods not received, etc.) from online shopping
at an “e-commerce brand” if something goes wrong with my online purchase
Repurchase intention [41] I intend to continue buying things online from “e-commerce brands” that I use 0.7 0.50 0.80
regularly
If I were to buy something, I would consider buying it from an “e-commerce brand.” 0.583
I intend to use the “e-commerce brand” shopping site I regularly use as a priority 0.887
online store for future purchases
Barring any unforeseen reasons, I intend to continue using the “e-commerce brand” 0.744
sites I use regularly
I intend to recommend “e-commerce brand” shopping sites to others that I use 0.578

frequently
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results for all constructs and shows the minimum acceptable values
for AVE and CR to establish convergent validity.

C. STRUCTURAL MODEL

The structural model is tested after ensuring that the measurement
model has good validity and reliability values, which are then
tested for the influence between the hypothesized constructs. All fit
indices have recommended values , and the model is good
CMIN/DF = 1.185, GFI=0.938, NFI=0.937, TLI= 0.986, and
RMSEA =0.29. Table III shows the results of hypothesis 1 testing,
namely that AI significantly positively influences technology
engagement (H1: § = 1.016, p < 0.005). Al significantly influenced
attitude toward the firm (H2: f=0.761, p <0.005). Technology
engagement is found to have a significant influence on repurchase
intention (H3: p=0.31, p <0.005). Attitude toward the firm was
found to have no significant influence on repurchase intention (H4:
f=0.193, p>0.005). PEEIM was found to moderate and
strengthen the influence of the relationship between technology
engagement and repurchase intention (H5: p=0.191, p < 0.005).
PEEIM was found to moderate by strengthening the influence of
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the relationship between attitude toward the firm and repurchase
intention (H6: f=0.469, p < 0.005). Therefore, H1, H2, H3, HS
and H6 are supported while H4 is not supported.

1. MODERATION TEST. Moderation effect testing was also done
by examining the interaction relationship between moderating,
exogenous, and endogenous constructs. We use the moderation
table [46] in Fig. 2 to make it easier to explain the moderation
results. The first result shows that PEEIM moderates the relation-
ship between technology engagement and repurchase intention
(HS5: p=0.191, p=0.003). Based on the analysis without consid-
ering PEEIM, technology involvement has a coefficient f1 = 0.034
in influencing repurchase intentions. However, when PEEIM is low
or high, this relationship strengthens with a coefficient 1 + 83
(high Z) = 0.003. This shows that PEEIM enhances the influence of
technology involvement on repurchase intentions.

The second result showed that PEEIM moderates the relation-
ship between attitude and repurchased intention (H6: =0.469
p=-0.03). Based on analysis without considering PEEIM, the
attitude has a coefficient of 1 =0.193 in influencing repurchase
intentions. However, when PEEIM is low or high, this relationship
strengthens with a coefficient 1 + B3 (high Z) = 0.003 (Table IV).

Table lll.  Structural model
Standard Hypothesis
Hypotheses estimate S.EE CR P-value decision
Al to Technology Engagement 1.016 0.089 11.377 0.000 Supported
Al’s attitude toward firm 0.761 0.078  9.694 0.000 Supported
Technology engagement to repurchase intention 0.31 0.081 3.811 0.000 Supported
Attitude toward firm to repurchase intention 0.193 0.087 2.212 0.027 Not supported
PEEIM moderates by strengthening the relationship between technology 0.191 0.052 3.643 0.000 Supported
engagement and purchase intention
PEEIM moderates by strengthening the relationship between attitude toward the 0.469 0.074 6.332 0.000 Supported
firm and purchase intention
5 5
45 4.5
4 4
£ 3s g 35
= =
2 ——PEEIM 2 —e— PEEIM
s 3 E 3
2 --#--PEEIM 2 ---&-- PEEIM
S 25 g 25
& 5
21 ~ 2 4
15 15
1 1

Technology Engagement Technology Engagement

Attitude Attitude

Fig. 2. Moderation effect.

Table IV. Moderation interaction PEEIM

Exogenous Endogenous Moderating X and Y relationship X-Y relationship X-Y relationship with
variable (X) variable (Y) variable (Z) without Z with low Z high Z
Technology Repurchase Intention PEEIM pf1=0.31 B1+p3 (Zlow)=0.003 P14+p3 (Z high) =0.003
Engagement

Attitude Repurchase Intention PEEIM f1=0.193 B1+p3 (Zlow)=-0.03 P1+Pp3 (Z high) =-0.03
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This shows that PEEIM enhances the influence of attitude on
repurchase intentions

V. DISCUSSION OF FINDINGS

The main objective of this research is to examine the influence of
artificial intelligence on increased technology engagement and
attitude toward the firm, which has implications for repurchase
intention. This research also investigates the support for the
contribution of the PEEIM moderating variable between these
two variables and repurchase intention. This research has several
significant research findings. First, the influence of artificial intel-
ligence from interaction, information, accessibility, and customisa-
tion can have a considerable positive value on technology
involvement and attitude toward the firm. These results support
previous research, which explains that Al can increase customer
engagement using technology through consumer perceptions of
new experiences and help companies process consumer feedback
to adjust the services provided [10,47]. Other results also confirm
that Al can improve attitudes towards company websites. These
results support previous research, which explains that the result of
using Al is a positive attitude that feels the benefits when using
technology [48]. The human-like intelligence possessed by Al is a
unique characteristic for this technology to continue to be remem-
bered by customers. Even in some cases, gender differences
between women and men have different attitudes regarding accept-
ing technology. Women have more negative attitudes than men
toward receiving technology services [49]. However, this did not
happen in Indonesia’s representative sample of men and women.

This research also confirms that high customer involvement
can increase repurchase intentions. These results align with the
research [32]. Customer involvement with technology is crucial to
ensure the usefulness and success of creating technology in
business. In this context, it is also important to note that our study
is the first to use a testing methodology that looks at customer
engagement based on the influence of artificial intelligence on
repurchase intention in the case of e-commerce. Previous research
only analyzed Al variables that focused on the stimulus organism
response (SOR) theory [23,50], which had weaknesses in capturing
the complexity of behavior produced by Al In contrast, Al may
struggle to capture the proper nuance and complexity of emotions,
leading to inaccurate interpretations of customer engagement.
Therefore, this research looks at customer engagement resulting
from the influence of Al by looking at each of its constituent
dimensions to predict the likelihood of customers making repeat
purchases.

Repurchase intention measurement refers to the Theory of
Reasoned Action (TRA) and developed into the theory of planned
behaviour, which predicts a person’s behaviour based on tenden-
cies or relative weights of attitudes, norms, and behavioural control
based on the stimulus they receive [25,51]. This theory is widely
cited by research related to consumer behaviour in digital media or
e-commerce to predict user behaviour measured from intention to
action [52,53]. Therefore, it is appropriate to use it to measure how
likely someone is to make repeat purchases due to Al technology’s
influence on e-commerce.

Another different result is that attitudes towards e-commerce
websites have little influence on increasing repurchase intention.
The high customer attitude resulting from the impact of Al is
unable to increase repurchase intention. These results are different
from previous research, which states that this attitude will influence
someone to repurchase products in e-commerce [54]. This

difference can lie in the ease with which a person uses technology
and the complexity resulting in risks during online shopping
[55,56]. Other supporting factors must be present for this positive
attitude to benefit the company. Therefore, our study provides a
new conceptualization regarding positive customer attitudes
always being associated with company profits. This research
explains that this is only sometimes true in different contexts.

We expanded the concept of consumer behaviour theory and
acceptance model theory, especially on customer attitudes on
e-commerce websites. If we look at it from the perspective that
repeat purchases in e-commerce are primarily driven by pleasure and
excitement during shopping [57]. The question is whether or not the
Al used by customers can provide that feeling. It is limited to making
the purchasing process more accessible, which this research confirms
and does not benefit the company. Another fact is that customer
perceptions of Al devices tend to lead to negative attitudes towards
these devices due to the perception of threats to personal identity, so
they do not provide any benefits related to task performance and
service quality expected from Al devices [48].

This research also considers the moderating role formed from
PEEIM in the relationship between technology engagement and
attitude toward the firm with repurchase intention. The results show
that PEEIM positively moderates the relationship between these
three variables. This means that a high PEEIM value will
strengthen the influence of technology engagement and attitudes
towards the website on increasing repurchase intention. Consumers
who believe in the effectiveness of e-commerce institutional
mechanisms tend to be more confident and comfortable in transac-
tions, thereby increasing the influence of technology involvement
on their purchasing decisions. Previous research explains that the
moderating role of PEEIM greatly influences someone to make
repeat purchases [37,38]. This implies that PEEIM can be an
essential source of customer attitudes and engagement on e-com-
merce websites, whether PEEIM is low or high. More specifically,
when PEEIM is high, people tend to assume that e-commerce
managers will comply with the regulations and rules provided by
the government to protect consumers. If not, they will be punished
and sanctioned by the government or regulator, so they don’t need
to remember past experiences when shopping on e-commerce
websites. On the other hand, when PEEIM is low, consumers
will judge that existing mechanisms in e-commerce are not fully
effective or do not guarantee security, comfort, and fairness in
online transactions. However, they still rely on their first-hand
knowledge to re-evaluate the platform’s feasibility. This shows that
PEEIM has a strong influence on repurchase intention.

This research enriches the literature on digital consumer behav-
iour by investigating the factors and reasons why consumers make
repeat purchases on e-commerce websites. This research provides a
theoretical contribution by emphasizing the need to include relevant
theories that have the potential for future research. We use a
combination of the acceptance model and the Theory of Relationship
Marketing theory related to commitment to show that a conceptual
model can be proposed to further increase repurchase intention in
e-commerce. This research is the starting point for further study
because it is the first to show how the influence of Al technology can
specifically increase repurchase intentions on e-commerce websites
by paying attention to the moderating role of PEEIM.

A. PRACTICAL IMPLICATIONS

This research also has several practical implications that can benefit
companies in the e-commerce industry through technology. First,
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the research study helps managers in the e-commerce industry
develop marketing strategies through Al. Our research found that
four main elements make up Al that impact increasing customer
engagement: interaction, information, accessibility, and customi-
sation. Al in e-commerce should be able to meet consumer needs
by providing recommendations that suit consumer habits and
responding to customers quickly and precisely. For example, the
interaction section allows Al to communicate effectively with
customers, providing fast and relevant responses, thereby improv-
ing the user experience. Chatbots can learn from previous inter-
actions by giving appropriate information such as product
knowledge, process flow, and customer journey [58]. In the
information section, Al ability to manage and convey precise
and valuable data helps customers make better decisions. Accessi-
bility ensures that Al services are accessible to all customers,
anytime and anywhere, without barriers. Lastly, customisation
allows Al to provide personalized experiences based on customers’
preferences and needs, increasing customer satisfaction and loy-
alty. Combining these four elements makes Al highly effective in
improving customer engagement.

The findings stated that a high attitude towards the company’s
website could not increase repurchase intentions but provided a
lesson for e-commerce companies. They should focus on more than
just website design and user experience. Individual attitudes will
change depending on the situation and context when using Al
[59,60]. These findings emphasize that other factors such as
responsive customer service, personalization of offers, and trust
in the company that keeps consumers at the transaction time also
play a crucial role in encouraging repeat purchases. Companies
must adopt a holistic approach covering all aspects of the customer
experience, from ease of website navigation to post-purchase
satisfaction to increase repurchase intent. By understanding that
a positive attitude towards a website is only one component of the
overall shopping experience, companies can be more effective in
customer retention strategies.

PEEIM’s moderation influence also represents a significant
direct source of trust in e-commerce platforms. When PEEIM is
high and low, consumers need a perception of effectiveness to
develop their confidence in repeat purchases on the website. Our
research deepens the understanding of institutional trust building
by empirically verifying the model in the context of leveraging Al
to influence repurchase intentions.

VI. CONCLUSIONS

E-commerce companies worldwide are currently using artificial
intelligence to respond to technological advances. The aim of
utilizing this technology is to provide the best service by making
it easier for consumers to shop for products online. The usefulness
of Al has attracted the attention of academics and practitioners in
identifying essential impacts, such as what can increase consumer
purchasing intentions in e-commerce from this technology. Finally,
our results showed that leveraging Al should ensure that customers
buy products in e-commerce that were easy, safe, and user-friendly.
Therefore, it was recommended that management adjust Al service
features by focusing on the factors that shape customer engagement
using this technology. We recommend that companies implement
responsive chatbots to help answer questions and resolve problems
quickly. The company continues using Al-based data analysis to
understand customer preferences and behavior to provide more
relevant and personalized product recommendations. It further
optimizes the user experience with an Al-powered search system,
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ensuring customers can find the products they seek more easily.
Another way is to offer personalized promotions and discounts
based on a customer’s purchase history and interests. With these
strategies, e-commerce companies can create a more exciting
shopping experience, ultimately increasing consumers’ desire to
make repeat purchases.

A. LIMITATIONS AND FUTURE IMPLICATIONS

This research has several limitations that can be used as input for
further research. First, this study only focuses on consumer ex-
periences in e-commerce used to purchase products online. How-
ever, in practice, social media can also use Al to sell products
online. So, future research should consider Al experiences in social
media. Second, the sample was dominated by the younger genera-
tion, with the skills to quickly adapt to technology. The above
generation sample group is not used as a balanced comparison.
Although the older generation is no better at adapting to technology
than the generations below, they have an advantage in buying
products more often because they generally have better incomes.
Third, this study looks at the moderating role of PEEIM as an
external influence on purchase intentions. Future research can also
consider other external moderating factors, such as security issues
using technology.
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